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Stabilization of Networked Control Systems
Under Clock Offsets and Quantization
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Abstract—This paper studies the impact of clock mis-
matches and quantization on networked control systems.
We consider a scenario where the plant’s state is measured
by a sensor that communicates with the controller through a
network. Variable communication delays and clock jitter do
not permit a perfect synchronization between the clocks of
the sensor and controller. We investigate limitations on the
clock offset tolerable for stabilization of the feedback sys-
tem. For a process with a scalar-valued state, we show that
there exists a tight bound on the offset above which the
closed-loop system cannot be stabilized with any causal
controllers. For higher dimensional plants, if the plant has
two distinct poles, then the effect of clock mismatches can
be canceled with a finite number of measurements, and
hence there is no fundamental limitation. We also consider
the case where the measurements are subject to quantiza-
tion in addition to clock mismatches. For first-order plants,
we present necessary conditions and sufficient conditions
for stabilizability, which show that a larger clock offset re-
quires a finer quantization.

Index Terms—Clock offsets, continuous time systems,
networked control systems, stabilizability, time-varying
sampling periods, quantization.

I. INTRODUCTION

THE components of networked control systems are of-
ten spatially distributed and hence need to communicate

through digital networks. A significant challenge in such sys-
tems is that the processors in the components may not share a
common notion of time, because their local clocks are not prop-
erly synchronized; see survey papers [1], [2]. Quantization is
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another significant challenge to the design of networked control
systems, as surveyed in [3] and [4] and motivated the study of bit-
rate constraints in channels [5] and limited capabilities of sen-
sors/actuators [6]. In this paper, we consider clock mismatches
and quantization simultaneously and study the impact of such
imperfections on the stability of feedback control systems.

With a growing demand for digital communication, there has
been a vast amount of research providing clock synchroniza-
tion methodologies over networks; see, e.g., [7]–[9] and the
survey papers [10], [11]. Moreover, the global positioning sys-
tem (GPS) has allowed us to have access to a global clock that
has been used in many practical systems. However, we cannot
attain perfect synchronization in most practical situations. In
fact, the work in [12] has shown that synchronization of clocks
with unknown skews and offsets is impossible in the presence
of unknown communication delays. Furthermore, recent works
[13], [14] have pointed out that GPS signals can be spoofed and
hence are vulnerable against attacks.

In this paper, we consider feedback systems where the sen-
sor measuring the plant state and the controller do not share a
common clock. This asynchronism results in measurement that
can cause fundamental limitations in our ability to stabilize a
system through feedback. The clock mismatches cause uncer-
tainty on sampling instants, which has been recognized as an
important topic in control as there are many related works [15]–
[20]. Precision of sensor clocks is of interest also from practical
viewpoints. In [21], an algorithm exploiting time-stamps is pre-
sented which can compensate delays in a distributed control
system. In mechatronic systems where sampling periods are
fast (less than 1 ms), the effect of clock mismatches becomes
relatively severe and hence compensation methodologies would
be employed [22].

We consider the situation in which the clock offset between
the sensor and the controller is known to be bounded, but its
precise value is unknown and potentially time varying. Our
objective is to clarify limitations on the tolerable clock offsets for
stability. We first consider the case in which the communication
channel has unlimited bandwidth and thus can convey real-
valued state measurements. In such configuration, for a process
with a scalar-valued state, we derive a necessary and sufficient
condition for stabilizability, which gives a tight upper bound
on the clock offset beyond which stabilization is impossible. In
contrast, for a process with a vector-valued state, there exists no
fundamental limitation on the offset if the plant has at least two
distinct modes.
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We also consider the scenario where the sensor measurements
must be quantized to discrete values. We consider quantizers
that are static piecewise constant functions, which map the ob-
served state to a discrete set of values. We focus our attention
on two types of quantizers that have been widely considered
in the literature: Logarithmic quantizers [23]–[25] and uniform
quantizers [26]–[28]. It has been shown that, by itself, quanti-
zation imposes fundamental limitations on stabilizability [23],
[28], [29]. Here, we introduce the additional complexity of clock
mismatch and derive necessary conditions and sufficient con-
ditions on coarseness of the quantizer and the maximum clock
offset for stabilizability. The conditions provide explicit rela-
tionships between the tolerable clock offsets and the required
quantization levels for stabilizability.

Stabilization of systems with uncertain sampling intervals
have been studied in various ways. It has been regarded as
systems with input delay [15], [16] and uncertain impulsive
systems [17], [18]. Polytopic overapproximation [19] and the
gridding approach [20] are also notable as an instrument to
deal with such uncertainty. These papers restrict their atten-
tion to linear time-invariant (LTI) controllers and sufficient
conditions are provided. In a recent work [30], we employed
a time-stamp aware estimator and investigated the stabiliza-
tion problem with static clock offsets. The problem is mod-
eled as simultaneous stabilization for parametric uncertainty,
and a sufficient condition for the existence of stabilizing LTI
controllers is given. Now we consider time-varying clock off-
sets and the controller’s class which includes general causal
systems. We present necessity results for stabilizability rather
than only sufficiency ones. These results thus characterize fun-
damental requirements on the accuracy of local clocks for
stabilizability.

For the analysis of stabilizability, we compute the state esti-
mation set and investigate under which conditions it shrinks over
time. By computing the tight estimation set and its decay rate,
we are able to show necessity results. It is worth noticing that in
the literature listed above contraction of Lyapunov functions or
Lyapunov–Krasovskii functionals are studied to verify stability.
We also note recent works [31], [32] that fall in this context.
While in our approach the decay rate is determined exactly, it
is not in the literature, which leads flexibility for the extensions
to the cases with disturbances and uncertainties in addition to
clock offsets.

This paper is organized as follows. We formally state the
problem in Section II and introduce the notion of tight state
estimation sets in Section III. In Section IV, we consider the
case where there is no quantization and present conditions for
stabilizability under clock offsets. The setup is extended to the
case of quantized measurements in Section V, and stabiliza-
tion under both clock offsets and quantization is considered in
Section VI. Finally, we provide concluding remarks in Section
VII. A subset of the results in Section IV appeared in the con-
ference paper [33].

Notations: Z+ denotes the set of nonnegative integers, 0
(bold-faced zero) stands for the zero vector of appropriate di-
mension, and ‖ · ‖ represents the Euclidean norm.

Fig. 1. Feedback system.

Fig. 2. Time chart.

II. PROBLEM FORMULATION

Consider the feedback system depicted in Fig. 1. The plant to
be controlled is the following continuous-time LTI process:

ẋ(t) = Ax(t) + Bu(t) (1)

where x(t) ∈ Rn is the state and u(t) ∈ Rm is the input. The
unknown initial state x(0) may be anywhere in Rn . We introduce
the following assumption on the plant.

Assumption 1: The system (1) is unstable and controllable,
and A is invertible.

It is common in the literature (e.g., [28], [29]) to consider un-
stable and controllable systems to make the stabilization prob-
lem nontrivial, as any component of the state that belongs to a
stable invariant subspace of A will converge to zero, provided
that the control signal converges to zero. We note that even if A
is singular, that does not change the stabilizability of the plant
for clock synchronization errors. Suppose that A has a zero
eigenvalue and the corresponding state is decomposed. By let-
ting the input to the state be zero during a sampling period, the
state will be observed exactly. Once it is known, the controller
can bring it to the origin because of controllability. Thus we
assume that A is nonsingular.

The sensor attempts to sample the state periodically with
period T , but does not necessarily achieve it due to clock errors.
Let yk , k ∈ Z+ , be the kth observed state, and let T > 0 be the
desired sampling period from the perspective of the controller
clock. Fig. 2 illustrates a time chart of sampling: The actual
time instants kT + δk at which the samples yk are generated are
represented by the crosses, whereas the gray boxes represent
the uncertainty δk inherent to the timing information due to the
offset between the clocks of the sensor and the controller. We
consider the case in which the magnitude of the clock offset is
bounded.

Assumption 2: For all time k ∈ Z+ , δk is bounded as

0 ≤ δk ≤ Δ < T (2)

with a constant Δ.
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There are various algorithms for the clock offset estimation,
and the resulting estimation errors have been analyzed; see, e.g.,
[34]. These results can be used to determine the offset bound Δ.
The positiveness of the offset δk introduces no loss of generality,
as it can always be guaranteed by an appropriate redefinition of
the time scale. Under Assumption 2, the sequence yk of observed
states is produced by the following model:

yk = x(kT + δk ), δk ∈ [0,Δ] (3)

where the actual sampling instant kT + δk is unknown because
of the unknown jitter δk . We note that the controller cannot
determine the precise value of δk based on the time instant at
which the sample yk arrives because of unknown communica-
tion delay.

Using the received observations y0 , . . . , yk , the controller
needs to construct the input u(t), t ≥ 0. We consider the fol-
lowing assumption.

Assumption 3: The control input is constant during [kT, kT
+ Δ] for every k:

u(t) = uk , ∀t ∈ [kT, kT + Δ] ∀k ∈ Z+

and u(t) does not depend on the future measurements {yk :
kT + Δ ≥ t}.

This assumption guarantees causality, but it also implies that
during the intervals in which the sensor may measure the plant
state, the controller holds the input. During the period t ∈ (kT +
Δ, (k + 1)T ) for which the state has been measured, we allow
the controller to take any value.

Our objective is to clarify how large Δ can be to ensure the
stabilizability of the system.

Remark 1: Assumption 3 is required to prove the necessity
results in the paper. We note that the sufficient conditions for
stabilizability that we present in Sections IV and VI hold even
if we limit the class of controllers to piecewise constant ones,
for which Assumption 3 trivially holds.

III. COMPUTATION OF ESTIMATION SETS

In Sections III and IV, we consider a feedback system with no
quantization and study the effect of clock mismatches between
the sensor and the controller on the stabilizability of the system.

Here, we introduce the notion of a tight state estimation set,
which will be instrumental to establish the necessity results in
the paper. Let I−k denote the set of plant states x(kT ) that are
compatible with all the measurements y0 , y1 , . . . , yk−1 taken
before time kT . We shall call this the estimation set of x(kT ).
Given I−k , we now study how to update the estimation set of
x(kT ) using the new observation yk . From (3), yk is given by

yk = eAδk (x(kT ) + Ψ(δk )uk ) (4)

where Ψ(δk ) :=
∫ δk

0 e−AsBds. Thus, yk depends on the un-
known parameter δk ∈ [0,Δ] and the true state x(kT ). Once yk

is known, x(kT ) must lie in the following set Jk :

Jk =
{

e−Aδk yk − Ψ(δk )uk : δk ∈ [0,Δ]
}

. (5)

Here, the second equality follows by Assumptions 1 and 3. With
this set Jk , after receiving yk , we obtain an updated estimation

set Ik that now also considers the measurement yk and can be
defined by

Ik := I−k ∩ Jk . (6)

Since I−0 = Rn , (6) leads to I0 = J0 . The estimation set I−k+1
at the next time x((k + 1)T ) is constructed from Ik using the
model (1) and is given by

I−k+1 =

{

eAT xk +
∫ (k+1)T

kT

eA((k+1)T −τ )Bu(τ)dτ : xk ∈ Ik

}

.

(7)
The set Ik defined in (6) is a tight estimation set of x(kT ) in

the following sense: For every xk ∈ Ik , there exists a trajectory
for the state x(t), t ∈ [0, kT + Δ], that produces y0 , y1 , . . . , yk

with possible delays {δi ∈ [0,Δ]}k
i=0 and satisfies x(kT ) = xk .

We formally define tightness of an estimation set below.
Definition 1: An estimation set Ik ⊂ Rn of x(kT ), which is

constructed from I−0 , u(t), t ∈ [0, kT + Δ], and y0 , y1 , . . . , yk ,
is said to be tight if for every xk ∈ Ik , there exist x0 ∈ I−0 and
{δi ∈ [0,Δ]}k

i=0 , such that

eAkT x0 +
∫ kT

0
eA(kT −τ )Bu(τ)dτ = xk (8)

eA(iT +δi )x0 +
∫ iT +δi

0
eA(iT +δi −τ )Bu(τ)dτ = yi

∀i ∈ {0, 1, . . . , k}. (9)

The following result is a direct consequence of the construc-
tion outlined above for estimation sets.

Proposition 1: The estimation set Ik defined in (6) is tight
in the sense of Definition 1.

IV. STABILIZABILITY WITH INFINITE BIT-RATE

We start with the case where (1) is a process with a scalar-
valued state and derive a tight bound on the maximum offset
Δ for stabilizability. We then show that for a process with a
vector-valued state case, clock offsets do not necessarily limit
stabilizability.

We employ the following stabilizability definition.
Definition 2: The plant (1) is stabilizable if for any sequence

of offsets {δk}∞k=0 , δk ∈ [0,Δ], and any initial state x(0) ∈ I−0 ,
there exists a feedback controller such that the closed-loop state
converges to the origin, i.e., limt→∞ x(t) = 0.

A. Process with a Scalar-Valued State

Consider the following controllable, unstable process where
the state is scalar:

ẋ(t) = λx(t) + bu(t). (10)

From controllability in Assumption 1, we assume without loss
of generality that b = 1 and, from instability, that λ > 0.

Theorem 1: Let Assumptions 1–3 hold. Then the plant (10)
is stabilizable in the sense of Definition 2, if and only if the



OKANO et al.: STABILIZATION OF NETWORKED CONTROL SYSTEMS UNDER CLOCK OFFSETS AND QUANTIZATION 1711

Fig. 3. Upper bound on Δ versus sampling period T (λ = 1.0): The
solid line is the active bound Δ̄ and the vertical dotted lines indicate
T = (ln 2)/λ (left) and T = (ln 3)/λ (right), respectively.

bound on the offset satisfies 0 ≤ Δ < Δ̄, where

Δ̄ :=

{
T if 0 < T ≤ 1

λ
ln 3

T − 1
λ

ln(eλT − 2) if T > 1
λ

ln 3.
(11)

The bound T − {ln(eλT − 2)}/λ in the lower branch of (11)
is monotonically decreasing with respect to λ and T . This ob-
servation is consistent with the intuition that a larger growth
rate eλT during one sampling period will result in a tighter re-
quirement on the clock accuracy. The limitation Δ̄ = T for the
case 0 < T < (ln 3)/λ arises directly from Assumption 2. Fig. 3
shows the value of Δ̄ versus the sampling period T for the plant
(10) with λ = 1.0.

Remark 2: In [30, Th. 14], a bound on clock offsets for sta-
bilizability of a first-order system has also been given. Although
the setup is slightly different from the present paper, it is worth
noticing that both bounds decay exponentially with respect to
the period T . In [30], the offsets are assumed to be static and
the controller is taken as LTI. Thus, Theorem 1 provides the
limitation compatible for a more general setup.

Our approach to prove Theorem 1 is based on the analysis of
the estimation sets introduced in Section III. For the plant (10),
by (5), the estimation set Jk computed from yk can be written
as

Jk =
{

e−λδk
(
yk + λ−1uk

)
− λ−1uk : δk ∈ [0,Δ]

}
. (12)

Thus, Jk becomes a bounded interval in R. Therefore, with (6)
and (7), Ik and I−k+1 , k ∈ Z+ , also result in bounded intervals
in R. Notice that we have assumed I−0 = R.

Let lk be the length of the interval Ik , which is the updated
estimation set of x(kT ) defined in (6). In the following, we
study whether or not lk → 0 from which we will be able to
conclude stabilizability. Suppose that Ik−1 is obtained based on
y0 , y1 , . . . , yk−1 at t = (k − 1)T + Δ. Then, one can compute
I−k from (7). The length lk is determined by I−k and Jk , thus, lk
depends on the true state xk ∈ I−k , the jitter δk ∈ [0,Δ], and the

Fig. 4. Update procedure of the estimation set: (a) The initial estima-
tion set Ĩ−

k
expands during the sensing interval [kT, kT + Δ]. (b) After

receiving ỹk , the controller computes the set J̃k of the candidates of the
state at kT which may result in ỹk somewhere in [kT, kT + Δ]. (c) The
updated estimation set Ĩk is obtained as the intersection of Ĩ−

k
and J̃k .

input u(t), t ∈ ((k − 1)T + Δ, kT ). To prove that we are able
to stabilize the closed loop for all possible xk and δk , we have to
consider the worst case trajectory. Hence, we need to determine
under which conditions we have

min
u(t),t∈((k−1)T +Δ ,kT )

max
xk ∈I−

k ,δk ∈[0,Δ]
lk �→ 0 as k → ∞

from which we would conclude that no controller could result
in a decrease of the interval Ik to a single point and therefore
that there are trajectories for which xk does not converge. The
following lemma is the key technical result needed to prove
Theorem 1 as it gives the expansion rate of lk .

Lemma 1: Given an estimation set Ik−1 with width lk−1 , for
every k ≥ 1, it follows that

min
u(t),t∈((k−1)T +Δ ,kT )

max
xk ∈I−

k ,δk ∈[0,Δ]
lk =

(1 − e−λΔ)eλT

2
lk−1

(13)
where the minimum is achieved with any input that places the
interval

{
xk + λ−1uk : xk ∈ I−k

}
symmetrically about the ori-

gin.
Proof: For simplicity of notation, we first introduce biased

sets as follows: Define ỹk := yk + λ−1uk and let J̃k := {x +
λ−1uk : x ∈ Jk}. Then, from (12), this biased estimation set J̃k

can be simply represented as

J̃k =

⎧
⎪⎨

⎪⎩

[
e−λΔ ỹk , ỹk

]
if ỹk > 0

{0} if ỹk = 0
[
ỹk , e−λΔ ỹk

]
if ỹk < 0.

(14)

Similarly, we define the biased sets

Ĩ−k :=
{
xk + λ−1uk : xk ∈ I−k

}

Ĩk := Ĩ−k ∩ J̃k =
{
xk + λ−1uk : xk ∈ Ik

}
.

Note that the length lk of Ik is the same as that of Ĩk and the
analysis in this proof holds for any bias λ−1uk . In Fig. 4, we
illustrate the update procedure for the estimation set.

We now show that the input u(t), t ∈ ((k − 1)T + Δ, kT ),
achieving the minimum in (13) is the one that makes Ĩ−k symmet-
ric about the origin. In what follows, we evaluate the worst case
length maxxk ,δk

lk for a given Ĩ−k . We start by describing the
range of yk under the knowledge that xk ∈ I−k and δk ∈ [0,Δ].
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With (4), the set of all possible yk is as follows:

yk ∈
{

eλδk xk + λ−1(eλδk − 1)uk : xk ∈ I−k , δk ∈ [0,Δ]
}

which results in

ỹk ∈
{

eλδk z : δk ∈ [0,Δ], z ∈ Ĩ−k

}
. (15)

Thus, we can rewrite the maximization term in (13) as

max
xk ∈I−

k ,δk ∈[0,Δ]
lk = max

ỹk ∈{eλδ k z :δk ∈[0,Δ],z∈Ĩ−
k }

lk .

Next, we evaluate maxỹk
lk for each variation of Ĩ−k , and

then compute its minimum over u(t), t ∈ ((k − 1)T + Δ, kT ).
In the rest of the proof, we assume ỹk �= 0 since it follows from
(14) that ỹk = 0 does not maximize lk . Denote the lower bound
and the upper bound of Ĩ−k by p and q, respectively: Ĩ−k = [p, q].
Suppose that

|p| ≤ |q| (16)

i.e., the midpoint of Ĩ−k is nonnegative. For the case |p| > |q|,
one can apply the same discussion below by flipping signs.

Consider the following two cases.
1) p ≤ 0: In this case, it follows that q ≥ 0 from (16) and

thus, Ĩ−k contains the origin. By (14), we have

Ĩk =

{[
e−λΔ ỹk ,min(q, ỹk )

]
if ỹk > 0

[
max(p, ỹk ), e−λΔ ỹk

]
if ỹk < 0.

Taking maximums in both cases ỹk > 0 and ỹk < 0, and using
(16), one can see that the length lk is maximum when ỹk = q

max
ỹk ∈{eλδ k z :δk ∈[0,Δ],z∈Ĩ−

k }
lk = (1 − e−λΔ)q.

The right-hand side takes its minimum under (16) and 1) for
the case in which q = −p = eλT lk−1/2, and the minimum is

min
u(t),t∈((k−1)T +Δ ,kT )

max
xk ∈I−

k ,δk ∈[0,Δ]
lk =(1 − e−λΔ)

eλT

2
lk−1 .

(17)
2) p > 0: In this case, noticing that all possible ỹk are positive

from (15), we obtain

Ĩk =
[
max(p, e−λΔ ỹk ),min(q, ỹk )

]
.

Therefore

max
ỹk ∈{eλδ k z :δk ∈[0,Δ],z∈Ĩ−

k }
lk =

{
(1 − e−λΔ)q if e−λΔq ≥ p
q − p if e−λΔq < p.

(18)
From the condition 2) and (7), we have q > q − p = eλT lk−1 .
Thus, both branches in (18) are greater than the right-hand side
of (17). Hence, Ĩ−k satisfying 2) cannot minimize maxỹk

lk ,
which concludes the proof of Lemma 1. �

Proof of Theorem 1: (Sufficiency) If Δ < Δ̄, then we have
that γ := (1 − e−λΔ)eλT /2 < 1. Thus, from Lemma 1, for a
given estimation set Ik−1 of x((k − 1)T ), there exists a control
input resulting in lk < γlk−1 for all δk and xk−1 ∈ Ik−1 . Such
control input can be constructed as follows: Divide the interval
((k − 1)T + Δ, kT ) into two parts of equal length. In the first
time period, the controller applies a constant input which makes

Fig. 5. Behavior of the system (λ = 1.0, T = 2.0, Δ̄ ≈ 0.32): The plant
state x(t) (solid), the input u(t) (dashed), the observations yk (cross),
and the estimation sets Ik (: upper bounds, �: lower bounds). (a)
Δ = 0.30 < Δ̄ ≈ 0.32. (b) Δ = 0.45 > Δ̄ ≈ 0.32.

I−k symmetric about λ−1uk . As we see in the proof of Lemma 1,
this control input minimizes maxxk ,δk

lk , which is the length of
the estimation set Ik in the worst case. In the second time period,
the control input is simply set to 0. This control input satisfies
Assumption 3 and simplifies the calculation of the estimation
set Jk given by (5). Repeating this procedure for each sampling
period, we can make the sequence lk converge to 0, which
implies the stability of the feedback system.

(Necessity) When γ := (1 − e−λΔ)eλT /2 ≥ 1, the sequence
lk does not converge to zero, no matter how we choose u(t).
This means that there always exist a positive constant ε and a
sequence of integers k1 , k2 , . . . such that lki

≥ ε, ∀i. Since Ik

is a tight estimation set, this means that there exists a possible
trajectory of x(t) such that |x(tki

)| ≥ ε/2, ∀i and therefore x(t)
does not converge to zero. �

We now present a numerical example to illustrate the behavior
of the system.

Example 1: Consider the system (10) with λ = 1.0 and the
nominal sampling period T = 2.0. The initial state is taken to be
x(0) = 1 and the δk are chosen uniformly randomly from [0,Δ].
We employ the control law mentioned in the proof of Theorem 1,
which minimizes the length of the worst case estimation set. We
first consider the case of a small offset bound that satisfies the
stability condition in Theorem 1: suppose Δ = 0.30, which is
less than Δ̄ ≈ 0.32. In Fig. 5(a), we illustrate the state x(t) and
the input u(t) by the solid line and the dashed line, respectively.
Moreover, the observations yk are depicted by the cross marks
and the upper and lower bounds of the estimation sets Ik are
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represented by  and �, respectively. One can observe that, as
time progresses, the upper bounds and the lower bounds of Ik

become closer, and the state successfully converges to 0. Next,
we consider the case Δ = 0.45, which violates the stability
limit Δ̄ ≈ 0.32. Fig. 5(b) shows the behavior of the system in
this case. We see that the state (solid line) oscillates and the
estimation set Ik (triangle marks) does not shrink to a single
point.

B. Process with a Vector-Valued State

In this section, we consider plants where A is not scalar.
Theorem 2: Let Assumptions 1–3 hold. If A has at least two

distinct eigenvalues, then for any Δ satisfying (2), the plant (1)
is stabilizable in the sense of Definition 2 and the state can be
taken to the origin in a finite time.

Theorem 2 follows from the lemma below and the controlla-
bility of the system.

Lemma 2: If A has at least two distinct eigenvalues, then
for any initial state and for any Δ satisfying (2), there exists
a control input such that the state of (1) can be reconstructed
precisely with a finite number of measurements.

Proof: See Section IV-C. �
In view of Theorem 2, and unlike in the scalar case, there is

no practical limitation on the clock offset if the plant dynam-
ics has two distinct eigenvalues. Intuitively, we can explain this
result as follows: At the time after receiving the measurement
yk = x(kT + δk ), the controller has n + k + 1 unknown vari-
ables, i.e., x(0) and δ0 , . . . , δk . On the other hand, the measure-
ments y0 , y1 , . . . , yk provide 2(k + 1) equations that constrain
these unknowns. If these equations were linear and indepen-
dent, then one could determine the exact state in k steps as soon
as 2(k + 1) ≥ n + k + 1. In reality they are not, but when A
has two distinct eigenvalues, using an appropriate input signal
u(t) they provide enough “independence” to recover the initial
state. Moreover, since the plant is controllable, once its state is
precisely known, there exists an input that drives the state to the
origin in a finite time interval.

We now show an example where I1 becomes a single point.
In this example, we can make the state converge to zero using
only two observations y0 and y1 .

Example 2: Consider the following system:

A =
[

2 0
0 1

]

, B =
[

1
1

]

, T = 1.5, Δ = 1.0.

Notice that Δ is greater than the bound (11) in the scalar
case for each eigenvalue, 2 and 1, of A since T − {ln(e2T

− 2)}/2 ≈ 0.052 and T − ln(eT − 2) ≈ 0.59. In Fig. 6, we plot
the estimation sets I0 , I−1 , and J1 computed based on y0 and
y1 in the state space R2 . Since we assume I−0 = R2 , I0 is
equal to J0 . Note that the unknown states x(0) and x(T ) are
not used to compute the estimation sets. The figure shows that
I−1 ∩ J1 = I1 , which contains a single possible value for x(T ).

C. Proof of Lemma 2

As a preliminary of the proof, we first introduce a subsys-
tem of (1) associated with the two distinct eigenvalues. If there

Fig. 6. Estimation sets I0 , I−1 , and J1 in the state space R2 (horizontal
axis: first element of x, vertical axis: second element of x).

exist eigenvalues λ1 , λ2 ∈ R of A such that λ1 �= λ2 , via an
appropriate coordinate transformation, we have

V −1 ẋ(t) =

⎡

⎢
⎣

λ1 0 0

0 λ2 0

∗ ∗ ∗

⎤

⎥
⎦V −1x(t) + V −1Bu(t)

for some nonsingular matrix V ∈ Rn×n ; otherwise there ex-
ist λ, θ ∈ R with θ �= 0 such that the complex conjugate pair
λ + iθ, λ − iθ are eigenvalues of A, and via an appropriate co-
ordinate transformation, we have

V −1 ẋ(t) =

⎡

⎢
⎣

λ θ 0

−θ λ 0

∗ ∗ ∗

⎤

⎥
⎦V −1x(t) + V −1Bu(t)

for some nonsingular matrix V ∈ Rn×n [35, pp. 152–153].
Extracting the first two rows of the above system, we obtain the
subsystem

ξ̇(t) = Λξ(t) + ν(t), ζk = ξ(kT + δk ) (19)

where ξ and ν are the corresponding states and the inputs, re-
spectively, and ζk is the output, i.e., the first two elements of
V −1yk . For the case of two distinct real eigenvalues λ1 , λ2 , the
matrix Λ := diag(λ1 , λ2); for the case of a complex conjugate
pair of eigenvalues λ + iθ, λ − iθ, the matrix

Λ :=
[

λ θ
−θ λ

]

.

For the first step of the proof, we compute estimation sets for
the state ξ(kT ) based on the measurements y0 , . . . , yk . Instead
of the estimation sets of x represented by Jk , Ik , and I−k+1 , which
are defined in (5)–(7), we denote the corresponding estimation
sets of ξ by Ĵk , Îk , and Î−k+1 . In light of I0 = J0 and (7), the

estimation set Î−1 of ξ(T ) is expressed as

Î−1 =
{

e−Λδ0 â0 + b̂0 : δ0 ∈ [0,Δ]
}

.
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Here, â0 and b̂0 are defined as follows: Let νk be the first two
elements of V −1Buk . Then, â0 and b̂0 are defined as

â0 := eΛT (ζ0 + Λ−1ν0)

b̂0 := −eΛT Λ−1ν0 +
∫ T

0
eΛ(T −τ )ν(τ)dτ. (20)

Note that Λ is nonsingular since A is invertible. Moreover, by
(5), it follows that

Ĵ1 =
{

e−Λδ1 â1 + b̂1 : δ1 ∈ [0,Δ]
}

where

â1 := ζ1 + Λ−1ν1 , b̂1 := −Λ−1ν1 . (21)

1) Finiteness of Î1 : The first step of the proof is to show
that there exists a control input ν(t), t ∈ [0, T + Δ], that makes
the updated estimation set Î1 = Î−1 ∩ Ĵ1 contain at most a finite
number of points. To do so, we need to consider the following
problem: Let a, b, and c be nonzero vectors in R2 ; also fix
[T1 , T2 ] ⊂ R and [T3 , T4 ] ⊂ R. Define functions f : [T1 , T2 ] →
R2 and g : [T3 , T4 ] → R2 as

f(t) := eΛta, g(t) := eΛtb + c (22)

and find the intersection of {f(t) : t ∈ [T1 , T2 ]} and {g(t) : t ∈
[T3 , T4 ]}. The following lemma states that this intersection can
be a set of finite points if a, b, and c are chosen appropriately.

Lemma 3: If at least one of the vectors a, b, and c is not an
eigenvector of Λ, then the intersection of the sets F := {f(t) :
t ∈ [T1 , T2 ]} and G := {g(t) : t ∈ [T3 , T4 ]} contains, at most, a
finite number of points.

Proof: See Section IV-D. �
Consider the statement of Lemma 3 with a = â0 , b = â1 , and

c = b̂0 − b̂1 . Then, Î1 corresponds to the intersection of F and
G. Note that â0 and â1 can be assumed to be nonzero since if
either â0 = 0 or â1 = 0, then Î−1 or Ĵ1 becomes a single point,
and the result is trivially true.

In what follows, we show that there exists an input such
that b̂0 − b̂1 is not equal to 0 nor is an eigenvector of Λ. From
Assumption 3, ν(t) takes a constant value ν0 for t ∈ [0,Δ], thus,
it follows from (20) and (21) that

b̂0 − b̂1 = −Λ−1eΛ(T −Δ)ν0 +
∫ T

Δ
eΛ(T −τ )ν(τ)dτ + Λ−1ν1 .

Note that the first and the third terms in the right-hand side
are known to the controller. Furthermore, the integral term is
the zero-state-response of (19). Because of the controllability of
the original system (1), x(kT ) or ξ(kT ) can be set arbitrarily,
and hence b̂0 − b̂1 can be made an arbitrary vector by selecting
an appropriate input ν(t), t ∈ (Δ, T ). Thus, with an input ν(t)
such that b̂0 − b̂1 is not 0 nor an eigenvector of Λ, it follows
from Lemma 3 that Î1 becomes a set of finite points.

2) Stabilizing the System with the Finite Set Î1 : The sec-
ond step of the proof consists of providing a procedure to deter-
mine the value of the state once Î1 contains only a finite number
of points and bring it to the origin. Consider the subsystem (19)
of (1). From the first step, we can pick the control signal so that

Î1 is a set with a finite number of points. For each element of
Î1 , we can determine corresponding δ1 and x(2T ) as follows.
Pick a point ξ1 ∈ Î1 . From (19), we have that

ζ1 = eΛδ1 ξ1 +
∫ δ1

0
eΛ(δ1 −τ )ν(τ + T )dτ

= eΛδ1
(
ξ1 + Λ−1ν1

)
− Λ−1ν1 .

Thus, if ξ1 �= −Λ−1ν1 , δ1 is uniquely determined from vari-
ables known to the controller. When ξ1 = −Λ−1ν1 , we select
the input so that ξ2 := eΛT ξ1 +

∫ T

0 eΛ(T −τ )ν(τ + T )dτ satis-
fies ξ2 �= −Λ−1ν2 , which is always possible in view of control-
lability. In this case, the set Î2 would continue to be finite, and
we would be able to determine the corresponding δ2 using a
similar procedure. For simplicity, in the remainder of the proof
we shall assume that we have determined δ1 , but the reasoning
would be similar if we had δ2 instead. For the value of δ1 so
obtained, we can compute x(T ) by solving

y1 = eAT x(T ) +
∫ δ1

0
eA(δ1 −τ )Bu(τ + T )dτ

and can compute x(2T ) using the variation of constants formula.
From controllability, the controller can bring this point x(2T )
to the origin by an appropriate open-loop input u(t) for t ∈
(2T + Δ, 3T ). The next output y3 takes a nonzero value only
if the selected point ξ1 that we used to estimate x(2T ) does
not correspond to the true state trajectory. Hence, we reduce
the number of elements of Îk at least by one element in one
sampling interval (or two periods, in case we had to consider
δ2). Repeating this procedure, we eventually obtain yk = 0,
which means that the origin has been reached.

D. Proof of Lemma 3

The proof of Lemma 3 is based on the following corollary of
the mean-value theorem.

Corollary 1: Consider two continuous functions τ1 , τ2 :
S → R defined on a finite interval S ⊂ R. Suppose there are
two distinct points s1 , s2 ∈ S such that

τ1(s1) − τ2(s1) = τ1(s2) − τ2(s2)

and τ1 , τ2 are differentiable in (s1 , s2). Then there exists a point
s∗ ∈ (s1 , s2) such that the derivatives

τ ′
1(s

∗) = τ ′
2(s

∗).

Proof: Define the function Δτ : S → R by Δτ (s) := τ1(s)
− τ2(s). Then Δτ (s1) = Δτ (s2). Following the mean-value
theorem, there exists s∗ ∈ (s1 , s2) such that

τ ′
1(s

∗) − τ ′
2(s

∗) = Δ′
τ (s∗) =

Δτ (s2) − Δτ (s1)
s2 − s1

= 0.

�
Define the set

U := {(t, s) ∈ [T1 , T2 ] × [T3 , T4 ] : f(t) = g(s)}. (23)

Then F ∩ G is infinite only if U is infinite. In the following, we
assume that U is infinite and prove the claim of Lemma 3 by
contradiction.
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1) Case of Two Distinct Real Eigenvalues: From invert-
ibility in Assumption 1, we assume without loss of generality
that λ1 and λ2 are both nonzero. Denote

a =
[

a1
a2

]

, b =
[

b1
b2

]

, c =
[

c1
c2

]

with scalars a1 , a2 , b1 , b2 , c1 , c2 ∈ R. From

eΛt =

[
eλ1 t 0
0 eλ2 t

]

it follows that

f(t) =

[
a1e

λ1 t

a2e
λ2 t

]

, g(t) =

[
b1e

λ1 t + c1

b2e
λ2 t + c2

]

.

For the set U defined by (23), (t, s) ∈ U if and only if

a1eλ1 t = b1eλ1 s + c1 , a2eλ2 t = b2eλ2 s + c2 . (24)

In the following, we transform (24) into two formulas for t
in terms of s, and show that there are only a finite number of
points where their values are equal.

First, we show that the scalars a1 , a2 , b1 , and b2 are all
nonzero. Suppose there exists an i ∈ {1, 2} such that ai = 0.

1) If bi = 0, then ci �= 0 (otherwise the vectors a, b, and c
are all eigenvectors of Λ). Thus, (24) implies that U is
empty, which contradicts the assumption that it is infinite.

2) If bi �= 0, then (t, s) ∈ U only if bici < 0 and

s =
1
λi

ln
(

− ci

bi

)

.

Thus U is a singleton, which contradicts the assumption
that it is infinite.

Hence a1 and a2 are both nonzero. The scalars b1 and b2 are
both nonzero for similar reasons.

Second, we discard some subsets of [T3 , T4 ] where (24) can-
not hold. Let f̄0 := min{eλ1 t , eλ2 t : t ∈ [T1 , T2 ]} > 0. Define
the functions ḡ1 , ḡ2 : [T3 , T4 ] → R as

ḡi(s) :=
bieλi s + ci

ai
, i = 1, 2

and the sets S1 ,S2 ⊂ [T3 , T4 ] as

Si := {s ∈ [T3 , T4 ] : ḡi(s) ≥ f̄0}, i = 1, 2.

As ḡ1 and ḡ2 are both monotonic functions, the sets S1 and S2
are both finite intervals on R. Hence their intersection

S := S1 ∩ S2 ⊂ [T3 , T4 ]

is also a finite interval on R. Following (24), (t, s) ∈ U only if
s ∈ S, since otherwise there exits an i ∈ {1, 2} such that

bieλi s + ci

ai
= ḡi(s) < f̄0 ≤ eλi t ∀t ∈ [T1 , T2 ].

Finally, define the functions τ1 , τ2 : S → R by

τi(s) :=
1
λi

ln
(

bieλi s + ci

ai

)

, i = 1, 2.

Note that for both i ∈ {1, 2}

bieλi s + ci

ai
= ḡi(s) ≥ f̄0 > 0 ∀s ∈ S.

Hence τ1 and τ2 are both well defined and continuous on S.
Also, they are both differentiable on the interior of S, and their
derivatives are given by

τ ′
i(s) =

bieλi s

bieλi s + ci
, i = 1, 2.

Following (24), (t, s) ∈ U only if τ1(s) = τ2(s). Suppose there
are two distinct points s1 , s2 ∈ S such that τ1(s1) = τ2(s1)
and τ1(s2) = τ2(s2). By Corollary 1, there exists a point s∗ ∈
(s1 , s2) such that τ ′

1(s
∗) = τ ′

2(s
∗), that is,

b1c2eλ1 s∗
= b2c1eλ2 s∗

.

As b1 and b2 are both nonzero, and c1 and c2 are not both zero,
the previous equality holds if only if b1b2c1c2 > 0, and

s∗ =
1

λ1 − λ2
ln
(

b2c1

b1c2

)

. (25)

We have thus shown that given any two points s1 and s2 in the set
V := {s ∈ S : τ1(s) = τ2(s)} the point s∗ defined by (25) must
be between those two points. This automatically excludes the
possibility of V having three or more points, by a contradiction
argument. Consequently, there are at most two points in U ,
which contradicts the assumption that it is infinite. Therefore,
F ∩ G is finite, that is, the claim of Lemma 3 holds for the case
of two distinct real eigenvalues.

2) Case of a Complex Conjugate Pair of Eigenvalues:
Denote

a =
[

â cos α
â sin α

]

, b =
[

b̂ cos β

b̂ sinβ

]

, c =
[

ĉ cos γ
ĉ sin γ

]

with scalars â, b̂, ĉ > 0 and α, β, γ ∈ [0, 2π). From

eΛt =

[
eλt cos (θt) eλt sin (θt)

−eλt sin (θt) eλt cos (θt)

]

.

it follows that

f(t) =

[
âeλt cos (α − θt)

âeλt sin (α − θt)

]

g(t) =

[
b̂eλt cos (β − θt) + ĉ cos γ

b̂eλt sin (β − θt) + ĉ sin γ

]

.

For brevity, denote

r1(s) := b̂eλs sin (β − θs) + ĉ sin γ

r2(s) := b̂eλs cos (β − θs) + ĉ cos γ. (26)

For the set U defined by (23), (t, s) ∈ U if and only if

â2e2λt = r1(s)2 + r2(s)2

tan(α − θt) = r1(s)/r2(s). (27)
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Consider the special case that λ = 0 (namely, a conjugate pair
of purely imaginary eigenvalues). Then the first equation in (27)
becomes

â2 = b̂2 + 2b̂ĉ cos (β − γ − θs) + ĉ2 .

As â, b̂, ĉ > 0, the previous equality may hold for only a finite
number of points on the finite interval [T3 , T4 ], which contradicts
the assumption that U is infinite.

In the following, we transform (27) into two formulas for t
in terms of s (under the assumption that λ �= 0), and show that
there is only a finite number of points where their values are
equal.

First, based on the periodicity of the trigonometric functions
in (27), we divide the domains [T1 , T2 ] and [T3 , T4 ] into finitely
many intervals. Define the sequences of finite intervals (Tl)l∈Z

and (S̄l)l∈Z as

Tl :=
[
α + lπ

θ
− π

2|θ| ,
α + lπ

θ
+

π

2|θ|

)

S̄l :=
(

β + lπ

θ
,
β + lπ

θ
+

π

|θ|

)

.

Then
⋃

l∈Z

Tl = R,
⋃

l∈Z

S̄l = R\{s ∈ R : sin (β − θs) = 0}.

As [T1 , T2 ] and [T3 , T4 ] are both finite, there are only a finite
number of integers l1 and l2 such that [T1 , T2 ] ∩ Tl1 �= ∅ and
[T3 , T4 ] ∩ S̄l2 �= ∅, respectively. Moreover, there are also only a
finite number of points in {s ∈ [T3 , T4 ] : sin (β − θs) = 0}.

Second, we further divide the intervals in (S̄l)l∈Z by discard-
ing the points where r2 defined in (26) vanishes (to ensure the
continuity of the function τ2 below). As r2 is continuous and
monotonic on each S̄l , there is at most one point s′l ∈ S̄l such
that r2(s′l) = 0. If such a point exists then denote

S2l :=
(

β + lπ

θ
, s′l

)

, S2l+1 :=
(

s′l ,
β + lπ

θ
+

π

|θ|

)

otherwise let

S2l := S2l+1 := S̄l .

Then (Sl)l∈Z is also a sequence of finite intervals. Again, as
[T3 , T4 ] is finite, there are only a finite number of integers l such
that [T3 , T4 ] ∩ Sl �= ∅. Therefore, if for each pair of integers l
and m, there are only a finite number of points (t, s) ∈ Tl × Sm

such that (27) holds, then U is also finite.
Finally, fix an arbitrary pair of integers l and m, and define

the functions τ1 , τ2 : Sm → R by

τ1(s) :=
1
2λ

ln
(

r2
1 (s) + r2

2 (s)
â2

)

τ2(s) :=
1
θ

(

α + lπ − arctan
(

r1(s)
r2(s)

))

.

As r1 and r2 are both differentiable and r2 is nonzero on Sm ,
the functions τ1 and τ2 are both well defined and differentiable
on Sm . Also, as the image of the arctangent function on R is a

Fig. 7. Feedback system with quantizer.

subset of the interval (−π/2, π/2), the image of τ2 is a subset
of Tl . The derivatives of τ1 and τ2 are given by

τ ′
1(s) =

b̂2e2λs + b̂ĉeλs cos (φ(s)) + b̂ĉeλs(θ/λ) sin (φ(s))
r2
1 (s) + r2

2 (s)

τ ′
2(s) =

b̂2e2λs + b̂ĉeλs cos (φ(s)) − b̂ĉeλs(λ/θ) sin (φ(s))
r2
1 (s) + r2

2 (s)

where

φ(s) := β − γ − θs.

For all (t, s) ∈ Tl × Sm , (27) holds only if τ1(s) = τ2(s).
Suppose there are two distinct points s1 , s2 ∈ Sm such that
τ1(s1) = τ2(s1) and τ1(s2) = τ2(s2). By Corollary 1, there ex-
ists a point s∗ ∈ (s1 , s2) such that τ ′

1(s
∗) = τ ′

2(s
∗), that is,

sin (φ(s∗)) = sin (β − γ − θs∗) = 0. (28)

We have established that given any s1 , s2 in the set Vm :=
{s ∈ Sm : τ1(s) = τ2(s)} the point s∗ satisfying (28) must be
between s1 and s2 . However, (28) holds for at most one point
on Sm . Hence, there are at most two distinct points in Vm .
Consequently, there are at most two points in Tl × Sm such that
(27) holds, which contradicts the assumption that U is infinite
(as explained in the second step above). Therefore, F ∩ G is
finite, that is, the claim of Lemma 3 holds for the case of a
complex conjugate pair of eigenvalues. This completes the proof
of Lemma 3.

V. PRELIMINARIES FOR THE CASE WITH QUANTIZATION

So far, we have assumed that real-valued vectors yk can be
transmitted from the sensor to the controller. However, signals
in networked control systems are often quantized to discrete
values because of the sensor’s limited capabilities and/or finite
capacity in the communication channels. In the rest of the paper,
we extend the setup in Section II to deal with quantization.

Instead of the original feedback system in Fig. 1, consider
the system depicted in Fig. 7. The plant and controller are the
same as those in Section II, but the observed state yk ∈ Rn is
quantized before being sent to the controller. We shall consider
static quantization laws that partition the state-space Rn into a
discrete family of sets and, at the kth sampling time transmit a
symbol r(yk ) that represents the set to which yk belongs. For
simplicity of notation, we denote by Yk both the symbol and the
set corresponding to the measurement yk . In the next section, we
present results for logarithmic and uniform quantization sets.
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In the quantization case, we impose the following assumption
instead of Assumption 3.

Assumption 4: The control input is zero during [kT, kT +
Δ] for every k, i.e.,

uk = 0 ∀k ∈ Z+

and u(t) does not depend on the future measurements {Yk :
kT + Δ ≥ t}.

Remark 3: Assumption 4 simplifies computing the effect of
the input uk during the sensing period [kT, kT + Δ], while the
exact value of yk may not yet be known to the controller. This
assumption can be lifted if the quantizer knows the control law.

We now redefine the estimation set Jk in (5) to fit the quanti-
zation setup:

Jk =
{

e−Aδk ŷk : δk ∈ [0,Δ], ŷk ∈ Yk

}
. (29)

The estimation sets Ik and I−k+1 are defined as in (6) and (7),
respectively, but with Jk defined above instead of (5). Note that
the estimation set Ik is also tight in the following sense, which
is a natural extension of Definition 1.

Definition 3: An estimation set Ik ⊂ Rn of x(kT ), which is
constructed from I−0 , u(t), t ∈ [0, kT + Δ], and Y0 , Y1 , . . . , Yk ,
is said to be tight if for every xk ∈ Ik , there exist x0 ∈ I−0 ,
{δi ∈ [0,Δ]}k

i=0 , and {ŷi ∈ Yi}k
i=0 , such that

eAkT x0 +
∫ kT

0
eA(kT −τ )Bu(τ)dτ = xk

eA(iT +δi )x0 +
∫ iT +δi

0
eA(iT +δi −τ )Bu(τ)dτ = ŷi

∀i ∈ {0, 1, . . . , k}.

VI. STABILIZABILITY UNDER CLOCK OFFSETS AND

QUANTIZATION

A. Process with a Scalar-Valued State: Logarithmic
Quantizer

Consider the plant in (10). In this section, we employ the
logarithmic quantizer proposed in [23]: Given α0 > 0 and ρ ∈
(0, 1), the quantizer r is given by Yk = r(yk ), ∀k ∈ Z+ , with

r(y) =

⎧
⎪⎨

⎪⎩

(
ρi+1α0 , ρ

iα0
]

if y > 0

{0} if y = 0
[
−ρiα0 ,−ρi+1α0

)
if y < 0

(30)

where i is the integer satisfying ρi+1α0 < |y| ≤ ρiα0 . Here, the
ratio ρ expresses the coarseness of the logarithmic quantizer; the
quantization levels become fine as ρ → 1 and become coarse as
ρ → 0.

For the system given in Fig. 7 with this logarithmic quantizer,
the following theorem gives a necessary condition and a suffi-
cient condition for stability, expressed in terms of the parameter
ρ that defines the coarseness of the quantizer.

Theorem 3: Let Assumptions 1, 2, and 4 hold. Consider the
feedback system in Fig. 7 with the plant (10) and the logarith-
mic quantizer (30). If the system is stabilizable in the sense of

Fig. 8. Bounds on coarseness ρ of quantization for stabilizability versus
the maximum clock offsets Δ: The necessary condition in (31) (dashed),
the sufficient condition in (32) (solid), and the upper bound on the clock
offset for stabilizability in (11) (dash–dot).

Definition 2, then

ρ ∈

⎧
⎨

⎩

(0, 1) if eλT ≤ 2
(
max

{
0, eλΔ − 1

eλT /2−1

}
, 1
)

if eλT > 2.
(31)

On the other hand, the feedback system is stabilizable if

ρ ∈
(

max
{

0, eλΔ
(

1 − 1
eλT /2

)}

, 1
)

. (32)

We illustrate the bounds on the coarseness ρ given in (31) and
(32) through an example.

Example 3: Consider the plant (10) with λ = 1.0 and fix
the nominal sampling interval as T = 1.5. In Fig. 8, we plot
the necessary lower bound on ρ for stabilizability given by
(31) and the sufficient bound given by (32). The dash-dot line
represents the maximum clock offset tolerable for stability Δ̄ ≈
0.59 without quantization given by Theorem 1. We see that, as
the clock offset Δ approaches Δ̄, the ratio ρ of the endpoints of
a quantization cell goes to 1 and hence, very fine quantization
is needed for stabilizability.

The approach used to prove Theorem 3 also relies on deter-
mining the length lk of the estimation set Ik and construct upper
and lower worst-case bounds for this length.

Lemma 4: Consider the feedback system in Fig. 7 with the
plant (10) and a logarithmic quantizer (30). Given an estimation
set Ik−1 of width lk−1 , k ≥ 1, the worst-case width lk of Ik

satisfies the following upper and lower bounds:

1 − ρe−λΔ

1 + (1 − ρ)e−λΔ

eλT

2
lk−1 ≤ min

u(t),
t∈((k−1)T+Δ ,kT )

max
xk ∈I−

k ,δk ∈[0,Δ]
lk

≤
(
1 − ρe−λΔ) eλT

2
lk−1 (33)

where the second inequality holds when the control input places
I−k symmetrically about the origin.

Proof: Let p and q denote the lower bound and the up-
per bound for I−k , respectively, i.e., p := infξ∈I−

k
ξ and q :=
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supξ∈I−
k

ξ. Assume that

|q| ≥ |p| (34)

that is, the center of I−k is nonnegative. If this is not the case, the
analysis below can be adapted by flipping signs and replacing q
with p.

As we discussed in the proof of Lemma 1, the min–max of lk
in (33) can be computed by finding the largest lk , as we ranging
over all possible quantized outputs Yk . To obtain an explicit
formula of maxYk

lk , we consider the following two cases.
1) p ≤ 0 < q: From (4), the set of possible Yk compatible

with xk ∈ I−k and δk ∈ [0,Δ] is given by Yk ∈ Y− ∪ {0} ∪ Y+ ,
where Y− and Y+ are defined as

Y− :=

⎧
⎨

⎩

[
−ρiα0 ,−ρi+1α0

)
: i ≥

⎢
⎢
⎢
⎣

ln eλΔ |p |
α0

ln ρ

⎥
⎥
⎥
⎦ , i ∈ Z

⎫
⎬

⎭

Y+ :=

{
(
ρi+1α0 , ρ

iα0
]

: i ≥
⌊

ln eλΔ q
α0

ln ρ

⌋

, i ∈ Z

}

.

We note that the interval (ρi+1α0 , ρ
iα0 ], i = �ln y

α0
/ ln ρ�, is

the quantization cell that contains y > 0, i.e., ρi+1α0 < y ≤
ρiα0 .

In what follows, we evaluate maxYk
lk on each subset {0},

Y+ , and Y− to describe maxYk ∈Y−∪{0}∪Y+ lk . If Yk = {0}, we
have Ik = {0} and hence lk = 0. Next, suppose that Yk ∈ Y+ .
Then, from (29), the estimation set Jk is given by

Jk =
(
e−λΔρi+1α0 , ρ

iα0
]
, i ≥

⌊
ln eλΔ q

α0

ln ρ

⌋

, i ∈ Z

where, i represents the index of a quantization cell. Taking the
intersection of Jk and I−k , which is bounded by q from above,
we have

lk =

{
q − e−λΔρi+1α0 if ρiα0 ≥ q
(
1 − e−λΔρ

)
ρiα0 if ρiα0 < q.

Let us consider the maximum of lk over i. If ρiα0 ≥ q, i.e., i ≤
ln q

α0
/ ln ρ, then lk is increasing with i, and hence the maximum

in this case occurs when i = �ln q
α0

/ ln ρ�. If ρiα0 < q, or i >
ln q

α0
/ ln ρ, since lk is decreasing for this case, the maximum

occurs when i = �ln q
α0

/ ln ρ� + 1. Therefore, we have that

max
Yk ∈Y+

lk = max
{
q − e−λΔq,

(
1 − e−λΔρ

)
q
}

(35)

where q := ρ�ln
q

α 0
/ ln ρ�+1α0 , which is the infimum of the quan-

tization cell containing the upper bound q of I−k . For the case
Yk ∈ Y−, following the same discussion for Yk ∈ Y+ , we ob-
tain

max
Yk ∈Y−

lk = max
{
|p| − e−λΔp,

(
1 − e−λΔρ

)
p
}

where p := ρ�ln
|p |
α 0

/ ln ρ�+1α0 . In view of (34), we have that the
maximum of lk over Yk ∈ Y− ∪ {0} ∪ Y+ is equal to the right-
hand side of (35).

2) 0 < p < q: The estimation sets Jk constructed from Yk

which are compatible with 2) are given by

Jk =
(
e−λΔρi+1α0 , ρ

iα0
]
,

⌊
ln eλΔ q

α0

ln ρ

⌋

≤ i ≤
⌊

ln p
α0

ln ρ

⌋

, i ∈ Z.

The maximum of lk over Yk can be obtained by following
the discussion above for the case Yk ∈ Y+ in 1). The only
difference is that, in the current case, the lower bound p of I−k
may be greater than that of Jk . This reasoning eventually leads
to

max
Yk

lk =

{
max

{
q − e−λΔq,

(
1 − e−λΔρ

)
q
}

if p ≤ e−λΔq

q − p if p > e−λΔq
(36)

where q := ρ�ln
q

α 0
/ ln ρ�+1α0 , which is the same in (35). When

I−k lies far from the origin, and thus, p > e−λΔq, then there
exists a case that the estimation set Jk becomes a superset of I−k
for some Yk .

As the second step of the proof, we evaluate the mini-
mum of maxYk

lk obtained in (35) and (36) over the input
u(t). Note that u(t) changes the position of I−k with respect
to the origin. We first establish that minu(t) s.t. 2) maxYk

lk ≥
minu(t) s.t. 1) maxYk

lk as follows. Let us compare (36) with (35).
If p ≤ e−λΔq, then maxYk

lk takes the same form for both cases
1) and 2), and that is increasing with q. Since q in the case 2)
cannot be smaller than that in 1), the claim is true. Otherwise, if
p < e−λΔq, the right-hand side of (36) equals q − p = eλT lk−1 .
This is greater than minu(t) s.t. 1) maxYk

lk since it is possible
to make minu(t) s.t. 1) maxYk

lk less than or equal to eλT lk−1/2
with the input such that p = −q = eλT lk−1/2.

From the above discussion, we have that it suffices to consider
the case 1) for the evaluation of minu(t) maxxk ,δk

lk in (33). A
simple calculation shows that the worst case length maxYk

lk
in (35) is bounded from below and above by the following
functions, both linear to q:

1 − ρe−λΔ

1 + (1 − ρ)e−λΔ q ≤ max
{
q − e−λΔq,

(
1 − e−λΔρ

)
q
}

≤
(
1 − ρe−λΔ) q. (37)

Since both the lower bound and the upper bound in the above are
increasing with q, the bounds are minimized when q = −p =
eλT lk−1/2, which means that I−k is symmetric about the origin.
Substituting this into (37) leads to (33). �

Proof of Theorem 3: (Sufficiency) If ρ satisfies (32), then
there exists a logarithmic quantizer resulting in (1 − ρe−λΔ)
eλT /2 < 1. Therefore, from Lemma 4, with the control input
which places I−k symmetrically about the origin, we can make
Ik narrower than the previous estimation set for any x(0) ∈ I−0
and δk ∈ [0,Δ]. Thus, repeating this procedure for each sam-
pling period, we can achieve lk → 0 as k → ∞, which implies
the stability of the feedback system.

(Necessity) When eλT ≤ 2, every ρ ∈ (0, 1) satisfies the suf-
ficient condition (32) and hence the system is stabilizable. Con-
sider the case of eλT > 2. Since Ik is a tight estimation set, when
the system is stabilizable, the length lk must converge to 0 for
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every x(0) and {δk}∞k=0 . From Lemma 4, it is required for the
convergence of lk that

1 − ρe−λΔ

1 + (1 − ρ)e−λΔ

eλT

2
< 1.

The above inequality is equivalent to (31) when eλT > 2. �

B. Process with a Scalar-Valued State: Uniform
Quantizer

In this section, we consider the infinite- and finite-range uni-
form quantizers that divide the state space uniformly. Given
the width w ∈ (0,∞) of the quantization cells, the infinite-rage
uniform quantizer is defined by

r(y) = [iw, (i + 1)w ) (38)

where i is the integer such that iw ≤ y < (i + 1)w.
Theorem 4: Let Assumptions 1, 2, and 4 hold. Consider the

feedback system in Fig. 7 with the plant (10) and the infinite-
range uniform quantizer (38). When 0 ≤ Δ < Δ̄, with Δ̄ given
by (11), there exists a feedback controller such that, along solu-
tions to the closed-loop, we have

lim sup
t→∞

|x(t)| ≤
{

0 if eλT < 2
1
2

eλT w
1−(1−e−λΔ )eλT /2 if eλT ≥ 2

(39)

for every initial condition x(0) ∈ R and sampling offsets {δk ∈
[0,Δ]}∞k=0 .

Furthermore, if

eλT ≥ 2
1 − e−λΔ (1 − e−λΔ)

(40)

then for any causal control law satisfying the setup in Section
V, there exist an initial condition x(0) ∈ R and a sequence
{δk ∈ [0,Δ]}∞k=0 such that

lim sup
t→∞

|x(t)| ≥ 1
2

eλ(T −Δ)w

1 − (1 − e−λΔ) eλT /2
. (41)

Remark 4: We can see from (39) that for any Δ ∈ [0, Δ̄),
the uniform quantizer leads to a bounded solution, regardless of
the width w of the quantizations, but with the caveat that the
upper bound in the lower branch of (39) increases as both w
and Δ increase. We also see from (39) that asymptotic stability
is possible provided that eλT < 2, but for larger values of eλT

the state x(t) may not converge to zero. In particular, when eλT

exceeds the bound in (40), we can conclude from (41) that x(t)
will surely not converge to zero for some initial conditions and
δk sequences.

Before we turn to the proof of Theorem 4, we study a more
realistic scenario in which the quantizer’s input range is a finite
interval that does not cover the entire state space R. Let us
consider a finite-range quantizer that partitions (−σ, σ), σ > 0,
into an even number N cells of the same width w = 2σ/N and

Fig. 9. Base-2 logarithms of the bounds of the number N of quantiza-
tion cells versus the maximum clock offsets Δ: The sufficient condition
in (43) (solid), the necessary condition in (44) (dashed), and the upper
bound on the clock offset for stabilizability in (11) (dash–dot).

is defined by Yk = r(yk ), ∀k ∈ Z+ , with

r(y) =

⎧
⎪⎨

⎪⎩

[
� y

w �w, � y
w + 1�w

)
if −σ + w ≤ y < σ

(−σ,−σ + w) if −σ < y < −σ + w

∅ else.
(42)

With the use of the finite-range quantizer (42), global sta-
bilizability (as defined in Section IV) is not possible, so the
control objective must be relaxed to containability, which has
been studied in [36].

Definition 4: The feedback system in Fig. 7 with the N -level
quantizer (42) is containable if for any sphere S centered at the
origin, there exist an open neighborhood M of the origin and a
feedback control law such that if x(0) ∈ M then x(t) ∈ S for
all t ≥ 0.

Theorem 5: Let Assumptions 1, 2, and 4 hold. Consider the
feedback system in Fig. 7 with the plant (10) and the uniform
quantizer (42). The feedback system is containable if eλT < 2
or

0 ≤ Δ < Δ̄, N >
eλT

1 − (1 − e−λΔ)eλT /2
(43)

where Δ̄ is given in (11).
Conversely, if the systems is containable and (40) holds, then

it follows that

0 ≤ Δ < Δ̄, N >
eλ(T −Δ)

1 − (1 − e−λΔ)eλT /2
. (44)

The following example illustrates this result.
Example 4: Consider the plant (10) with λ = 1.0 and fix

the nominal sampling interval as T = 1.5. Fig. 9 shows the
sufficient bound on N in (43) and the necessary bound in (44) for
containability. The vertical axis is log2 N , which corresponds
to the number of bits needed to send one of N symbols. From
the figure, we see that for a clock offset larger than Δ̄ (i.e., on
the right side of the dash–dot line), the bounds on N goes to
infinity and the system is not containable.
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Theorems 4 and 5 can be derived using the following lemma,
which is the analogous of Lemma 4 in the logarithmic case. See
the Appendix for the proofs of Lemma 5 and Theorem 4.

Lemma 5: Consider the feedback system in Fig. 7 with the
scalar plant (10) and a uniform quantizer (42). For k ∈ Z+ ,
suppose that the estimation set I−k satisfies

{
eλtxk : xk ∈ I−k , t ∈ [0,Δ]

}
⊂ (−σ, σ) (45)

i.e., I−k is contained in the quantizer’s input during the kth
sampling, and let l−k be the length of I−k . Then, the length lk of
Ik satisfies

min
u(t),

t∈((k−1)T +Δ ,kT )

max
xk ∈I−

k ,δk ∈[0,Δ]
lk ≤ κe−λT l−k + β (46)

where

κ :=
(
1 − e−λΔ) eλT

2
, β := e−λΔw. (47)

Furthermore, it holds that

min
u(t),

t∈((k−1)T +Δ ,kT )

max
xk ∈I−

k ,δk ∈[0,Δ]
lk

≥
{

l−k
2 if l−k < 2w

κe−λT l−k + e−λΔβ else
(48)

where the equality holds if l−k < 2w. In (46) and (48), the mini-
mum occurs when I−k is placed symmetrically about the origin.

Proof of Theorem 5: (Sufficiency) We fix a specific value
for σ > 0 and show that there exists an interval I−0 =
[−l−0 /2, l−0 /2], l−0 > 0, such that x(t) can be contained in
(−σ, σ) for all t ≥ 0. First, suppose that (43) holds. Then, the
constant κ defined by (47) satisfies κ < 1 and there exists a
constant l−0 such that w = 2σ/N and

σ >
eλ(T +Δ)β

2(1 − κ)
>

eλΔ

2
l−0 . (49)

With such a quantizer and I−0 , we have that |x(t)| < eλ(T +Δ)

β/{2(1 − κ)} for t ∈ [0,Δ]. Furthermore, we show below that
the state can be bounded by this upper bound for all t > Δ.

Notice that I−0 = [−l−0 /2, l−0 /2] satisfies (45) from (49) and
is symmetric about the origin. Thus, from (46) and (49), we
have that l0 < β/(1 − κ). Therefore, in light of (46), κ < 1, and
l−k = eλT lk−1 , by a control input which places I−k symmetrically
about the origin, we can make Ik so that lk < β/(1 − κ) and

|x(kT + Δ)| ≤ eλ(T +Δ) lk−1

2
<

eλ(T +Δ)β

2(1 − κ)
∀k ∈ Z+ (50)

where l−1 := e−λT l−0 .
Moreover, we can bound |x(t)| by the far right-hand side

of (50) also for t ∈ (kT + Δ, (k + 1)T + Δ) as follows: From
(50), there exists t1 ∈ (kT + Δ, (k + 1)T ) such that |x(t1)| <
eλ(T +Δ)β/{2(1 − κ)}. Pick any t2 ∈ (t1 , (k + 1)T ) and con-
sider the control input which takes the constant during [t1 , t2 ] to
bring the center of the set {eλ(t1 −kT )xk : xk ∈ Ik} to the origin
and zero for the rest. Then, since |x((k + 1)T + Δ)| satisfies

the bound in (50), |x(t)| is also bounded by the same upper
bound for t > Δ.

On the other hand, when eλT < 2 is satisfied, there exists I−0
such that l−0 < 2w. Then, from (48), l0 = l−0 /2, which results in
l−1 = eλT l0 < l−0 by the above control input, and this concludes
containability for this case as well.

(Necessity) When the system is containable, there exists a
control input so that the quantizer does not saturate, i.e., all
xk ∈ Ik are bounded as |xk | < σ for all time k. Otherwise, we
lose track of some states compatible with the past measurements.
Thus, when (40) holds, the right-hand side of (41) in Theorem 4
must be smaller than 2σ from containability. This fact and N =
2σ/w lead us to (44). �

C. Process with a Vector-Valued State

For a specific class of general order systems, we can apply
some of the results presented above for scalar systems. Consider
the feedback system in Fig. 7 with a plant (1) for which the
unstable part of A is real diagonalizable, i.e., A is similar to the
matrix

[
Au 0
0 As

]

where Au := diag (λ1 , . . . , λnu
), λi > 0, i = 1, . . . , nu , and

As ∈ R(n−nu )×(n−nu ) has no unstable eigenvalue. The sta-
bilization of this system boils down to stabilizing the first-
order systems ξ̇i(t) = λiξi(t) + νi(t), i = 1, . . . , nu , based on
the quantized values of ξi(kT + δk ). If all the first-order sys-
tems are stabilizable with logarithmic quantizers (or containable
with uniform quantizers), then the feedback system is stabiliz-
able in the sense of Definition 2 (containable in the sense of
Definition 4).

However, the results in Theorem 2 indicate that such condi-
tions induced by the scalar case results may be conservative. The
main difficulty in extending Theorem 2 to the quantization case
lies in the evaluation of the volume of the estimation set Ik . Un-
like in the no-quantization case, with quantization the observed
state comes as a set in the state space and the set Jk becomes
a band of exponential functions. Then, Ik is the intersection of
exponential bands and obtaining a lower or upper bound of its
volume analytically remains an open problem.

VII. CONCLUSION

We studied the stability of a linear system using an asyn-
chronous sensor and controller connected with a communica-
tion channel. We first considered the quantization-free case and
derived conditions on the clock offset for stabilizability. The
condition for processes with a scalar-valued state gives a tight
limitation on the offset, which depends on the level of instabil-
ity of the plant and the sampling period. For processes with a
vector-valued state, we showed that if the plant has at least two
distinct poles, then the system is always stabilizable in finite
time. We then study for the quantization case. For processes
with a scalar-valued state with a logarithmic or uniform quan-
tizer, we derived a necessary condition and a sufficient condition
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for stabilizability or containability, in terms of the coarseness of
the quantizers.

Although a stabilizing algorithm has been given in the proofs,
this algorithm is generally not suitable for practical controllers.
The construction of practical control algorithms remains an im-
portant topic for future work. Other possible extensions include
the case with disturbances, the output feedback case, and con-
sidering long delays which do not satisfy Assumption 2.

APPENDIX

We first present the proof of Lemma 5. Then, Theorem 4 is
proved using Lemma 5.

Proof of Lemma 5: We follow the approach in the proof of
Lemma 4 and evaluate the maximum of lk over all possible
Yk . Let p and q denote the lower bound and the upper bound
for I−k , respectively, i.e., p := infξ∈I−

k
ξ and q := supξ∈I−

k
ξ, and

assume that |q| ≥ |p|.
The proof consists of three steps. First, we obtain an ex-

pression for maxYk
lk in terms of p and q. To do so, we con-

sider the two cases 1) p < 0 < q and 2) 0 ≤ p < q. We then es-
tablish that minu(t) s.t. 1) maxYk

lk ≤ minu(t) s.t. 2) maxYk
lk . Fi-

nally, the inequalities (46) and (48) are proved using the bounds
on minu(t) maxYk

lk obtained in the previous step.
Step 1: Consider the following two cases.
1) p < 0 < q: If in addition q < w, then lk = q or lk = |p|.

Thus, from the assumption |q| ≥ |p|, we have

max
Yk

lk = q. (51)

Otherwise, i.e., if q ≥ w, we show that

max
Yk

lk = max
{
q − e−λΔq,

(
1 − e−λΔ) q + e−λΔw

}
(52)

where q is the lower bound of the cell containing q, which is
given by q := �q/w�w. In the case of 1), the set of all possible
Yk is given by Y+ ∪ Y−, where

Y+ :=
{

[iw, (i + 1)w ) : 0 ≤ i ≤
⌊

eλΔq

w

⌋

, i ∈ Z

}

Y− :=
{

[iw, (i + 1)w ) :
⌊

eλΔp

w

⌋

≤ i ≤ −1, i ∈ Z

}

.

When Yk ∈ Y+ , it follows that

lk = min {q, (i + 1)w} − e−λΔ iw, 0 ≤ i ≤
⌊

eλΔq

w

⌋

, i ∈ Z.

Regarding the above lk , for Yk such that q < (i + 1)w, or equiv-
alently i ≥ �q/w�, we have lk = q − e−λΔ iw. Since lk is de-
creasing with i, it takes the maximum q − e−λΔq when i =
�q/w�; otherwise, i.e., if i ≤ �q/w� − 1, then, lk = (i + 1)w −
e−λΔ iw, and hence its maximum is (1 − e−λΔ)q + e−λΔw.
Therefore, (52) holds for Yk ∈ Y+ .

Following the same discussion, for Yk ∈ Y−, we have that

max
Yk

lk = max
{
|p| − e−λΔ

⌊
|p|
w

⌋

w

(
1 − e−λΔ)

⌊
|p|
w

⌋

w + e−λΔw
}

.

Noticing that |q| ≥ |p|, this is smaller than or equal to the right-
hand side of (52). Thus, (52) expresses the maximum overY+ ∪
Y−.

From (51) and (52), maxYk
lk with I−k satisfying 1) is given

as

max
Yk

lk =

{
q − e−λΔq if q = 0 or q − q ≥ e−λΔw
(
1 − e−λΔ

)
q + e−λΔw else.

(53)
2) 0 ≤ p < q: In this case, the range of possible Yk is given

by

Yk ∈
{

[iw, (i + 1)w ) :
⌊ p

w

⌋
≤ i ≤

⌊
eλΔq

w

⌋

, i ∈ Z

}

.

Hence, it follows that

lk = min {q, (i + 1)w} − max
{
p, e−λΔ iw

}

⌊ p

w

⌋
≤ i ≤

⌊
eλΔq

w

⌋

, i ∈ Z.

Following a similar analysis to 1), we have that maxYk
lk with

I−k satisfying 2) is given by

max
Yk

lk = max
{
q − max

{
p, e−λΔq

}

q − max
{
p, e−λΔ (

q − w
)} }

. (54)

Step 2: In this step, we show that minu(t) s.t. 1) maxYk
lk ≤

minu(t) s.t. 2) maxYk
lk . From (53), the minimum of minu(t) s.t. 1)

maxYk
lk can be computed as

min
u(t) s.t. (i)

max
Yk

lk =

⎧
⎪⎪⎨

⎪⎪⎩

L if L < w

max
{
L − e−λΔ� L

w �w,
(
1 − e−λΔ

)
� L

w �w + e−λΔw
}

else
(55)

where L := l−k /2. Meanwhile, it is difficult to obtain
minu(t) s.t. 2) maxYk

lk directly from (54). Thus, in what fol-
lows, we prove that for any I−k satisfying 2), maxYk

lk becomes
greater than (55).

Suppose that I−k corresponds to the case 2) above and consider
two cases (a) L < w and (b) L ≥ w.

(a) L < w: We prove that, for this case, it holds that
maxYk

lk ≥ L, while minu(t) s.t. (i) maxYk
lk = L from (55). To

do so, three cases (a-1)–(a-3) are examined depending on the
size of I−k :

(a-1) p ≥ q: In this case, I−k is contained in the quantization
cell

[
q, q + w

)
. Thus, it is true that maxYk

lk = 2L ≥ L.
(a-2) q − w ≤ p < q: From (54), we have that

max
Yk

lk = max
{
q − max

{
p, e−λΔq

}
, q − p

}

≥ max
{
q − q, q − p

}
(56)

where the inequality follows since q > p by (a-2) and q ≥
e−λΔq. The far right-hand side of (56) is greater than or equal
to L since q − q < L implies that q − p = 2L − (q − q) > L.

(a-3) p < q − w: From the condition, the quantization cell[
q − w, q

)
becomes a subset of I−k . Such Yk results in Ik such

that lk ≥ w, which is greater than L by the condition (a).
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(b) L ≥ w: To obtain a simpler expression to (54), consider
two cases (b-1) and (b-2):

(b-1) p ≤ e−λΔ(q − w): From (54), it follows that

max
Yk

lk = max
{
q − e−λΔq, (1 − e−λΔ)q + e−λΔw

}
.

Noticing that q > 0, we have that the above expression is
the same as the right-hand side of (53). Since q and q cannot
be smaller than or equal to those in the case 1), it holds that
maxYk

lk > minu(t) s.t. (i) maxYk
lk .

(b-2) p > e−λΔ(q − w): In this case, we have

max
Yk

lk = max
{
q − e−λΔq, q − p

}

≥ q − p = 2L −
(
q − q

)

> 2L − w ≥ L.

Here, the second inequality holds by the fact that q − q < w and
the third inequality is obtained by the condition (b). On the other
hand, from (55), it follows that minu(t) s.t. (i) maxYk

lk < L and
thus maxYk

lk > minu(t) s.t. (i) maxYk
lk for this case as well.

Step 3: From Step 2, we have that minu(t) maxYk
lk equals

minu(t) s.t. 1) maxYk
lk in (55) and the minimum occurs when

q = −p = L. With κ and β in (47), the right-hand side of (55)
is bounded from above as

min
u(t),

t∈((k−1)T +Δ ,kT )

max
Yk

lk ≤ κe−λT l−k + β

which concludes (46). Moreover, since (55) is bounded from
below as

min
u(t),

t∈((k−1)T +Δ ,kT )

max
Yk

lk ≥
{

l−k
2 if l−k < 2w

κe−λT l−k + e−λΔβ else

we have (48). �
Now we are ready to prove Theorem 4.
Proof of Theorem 4 (Sufficiency) In the setup of Theorem 4,

we employ the infinite-range uniform quantizer (38). Thus, (45)
in Lemma 5 follows for all k. Since it follows that κ < 1 by
Δ < Δ̄ and from (46), we can make Ik so that for any x(0) ∈ I−0
and {δk ∈ [0,Δ]}∞k=0

lim sup
k→∞

lk ≤ β

1 − κ

by placing I−k symmetrically about the origin. Thus, using the
control input stated in the proof of Theorem 5, we have

lim sup
k→∞

|x(t)| ≤ eλ(T +Δ)

2
β

1 − κ

which establishes the lower branch of (39). Furthermore, if
eλT < 2, then it follows that β/(1 − κ) < 2e−λT w. Hence, there
exists k′ ∈ Z+ such that lk ′ < 2e−λT w. By applying the above
stated input, we obtain from (48) that lk ′+1 = eλT lk ′/2, which
implies limk→∞ lk = 0 and thus we have (39).

(Necessity) If (40) holds, then e−λΔβ/(1 − κ) ≥ 2e−λT w.
Thus, by (48), there exists a possible path of the state resulting

in

lim sup
k→∞

lk ≥ e−λΔβ

1 − κ
.

The inequality (41) follows from this. �
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chronization protocol,” in Proc. Int. Conf. Embedded Netw. Sensor Syst.,
2004, pp. 39–49.

[8] P. Barooah and J. P. Hespanha, “Estimation on graphs from relative mea-
surements,” IEEE Control Syst. Mag., vol. 7, no. 4, pp. 57–74, Aug. 2007.

[9] F. Ferrari, M. Zimmerling, L. Thiele, and O. Saukh, “Efficient network
flooding and time synchronization with Glossy,” in Proc. ACM/IEEE Int.
Conf. Inf. Process. Sensor Netw., 2011, pp. 73–84.

[10] B. Sundararaman, U. Buy, and A. D. Kshemkalyani, “Clock synchroniza-
tion for wireless sensor networks: A survey,” Ad Hoc Netw., vol. 3, no. 3,
pp. 281–323, 2005.

[11] I.-K. Rhee, J. Lee, J. Kim, E. Serpedin, and Y.-C. Wu, “Clock synchro-
nization in wireless sensor networks: An overview,” Sensors, vol. 9, no. 1,
pp. 56–85, 2009.

[12] N. M. Freris, S. R. Graham, and P. R. Kumar, “Fundamental limits on
synchronizing clocks over networks,” IEEE Trans. Autom. Control, vol. 56,
no. 6, pp. 1352–1364, Jun. 2011.

[13] X. Jiang, J. Zhang, B. J. Harding, J. J. Makela, and A. D. Dominguez-
Garcia, “Spoofing GPS receiver clock offset of phasor measurement units,”
IEEE Trans. Power Syst., vol. 28, no. 3, pp. 3253–3262, Aug. 2013.

[14] C. Bonebrake and L. R. O’Neil, “Attacks on GPS time reliability,” IEEE
Security Privacy, vol. 12, no. 3, pp. 82–84, May/Jun. 2014.

[15] E. Fridman and M. Dambrine, “Control under quantization, saturation and
delay: An LMI approach,” Automatica, vol. 45, no. 10, pp. 2258–2264,
2009.

[16] A. Seuret and K. H. Johansson, “Networked control under time-
synchronization errors,” in Proc. Time Delay Syst., Methods Appl. New
Trends, R. Sipahi, T. Vyhlidal, S.-I. Niculescu, and P. Pepe, Eds. Berlin,
Germany: Springer, 2012, pp. 369–381.

[17] P. Naghshtabrizi, J. P. Hespanha, and A. R. Teel, “Stability of delay im-
pulsive systems with application to networked control systems,” Trans.
Inst. Meas. Control, vol. 32, no. 5, pp. 511–528, 2010.

[18] C. Briat and A. Seuret, “Convex dwell-time characterizations for uncertain
linear impulsive systems,” IEEE Trans. Autom. Control, vol. 57, no. 12,
pp. 3241–3246, Dec. 2012.

[19] M. C. F. Donkers, W. P. M. H. Heemels, N. van de Wouw, and L.
Hetel, “Stability analysis of networked control systems using a switched
linear systems approach,” IEEE Trans. Autom. Control, vol. 56, no. 9,
pp. 2101–2115, Sep. 2011.

[20] Y. Oishi and H. Fujioka, “Stability and stabilization of aperiodic sampled-
data control systems using robust linear matrix inequalities,” Automatica,
vol. 46, no. 8, pp. 1327–1333, 2010.



OKANO et al.: STABILIZATION OF NETWORKED CONTROL SYSTEMS UNDER CLOCK OFFSETS AND QUANTIZATION 1723

[21] S. Graham and P. R. Kumar, “Time in general-purpose control systems:
The Control Time Protocol and an experimental evaluation,” in Proc. IEEE
Conf. Decision and Control, 2004, pp. 4004–4009.

[22] Y. Nakamura, K. Hirata, and K. Sugimoto, “Synchronization of multiple
plants over networks via switching observer with time-stamp information,”
in Proc. SICE Annu. Conf., 2008, pp. 2859–2864.

[23] N. Elia and S. K. Mitter, “Stabilization of linear systems with limited
information,” IEEE Trans. Autom. Control, vol. 46, no. 9, pp. 1384–1400,
Sep. 2001.

[24] M. Fu and L. Xie, “The sector bound approach to quantized feedback
control,” IEEE Trans. Autom. Control, vol. 50, no. 11, pp. 1698–1711,
Nov. 2005.

[25] X. Kang and H. Ishii, “Coarsest quantization for networked control of
uncertain linear systems,” Automatica, vol. 51, pp. 1–8, 2015.

[26] R. W. Brockett and D. Liberzon, “Quantized feedback stabilization
of linear systems,” IEEE Trans. Autom. Control, vol. 45, no. 7,
pp. 1279–1289, Jul. 2000.

[27] D. Liberzon, “On stabilization of linear systems with limited information,”
IEEE Trans. Autom. Control, vol. 48, no. 2, pp. 304–307, Feb. 2003.

[28] S. Tatikonda and S. Mitter, “Control under communication constraints,”
IEEE Trans. Autom. Control, vol. 49, no. 7, pp. 1056–1068, Jul. 2004.

[29] G. N. Nair and R. J. Evans, “Stabilizability of stochastic linear systems
with finite feedback data rates,” SIAM J. Control Optim., vol. 43, no. 2,
pp. 413–436, 2004.

[30] M. Wakaiki, K. Okano, and J. P. Hespanha, “Stabilization of systems with
asynchronous sensors and controllers,” Automatica, vol. 81, pp. 314–321,
2017.

[31] C. Briat, “Convex conditions for robust stability analysis and stabilization
of linear aperiodic impulsive and sampled-data systems under dwell-time
constraints,” Automatica, vol. 49, no. 11, pp. 3449–3457, 2013.

[32] M. Fiacchini and I. C. Morarescu, “Constructive necessary and sufficient
condition for the stability of quasi-periodic linear impulsive systems,”
IEEE Trans. Autom. Control, vol. 61, no. 9, pp. 2512–2517, Sep. 2016.

[33] K. Okano, M. Wakaiki, and J. P. Hespanha, “Real-time control under
clock offsets between sensors,” in Proc. Int. Conf. Hybrid Syst., Comput.
Control, 2015, pp. 118–127.

[34] Y.-C. Wu, Q. Chaudhari, and E. Serpedin, “Clock synchronization of
wireless sensor networks,” IEEE Signal Process. Mag., vol. 28, no. 1,
pp. 124–138, Jan. 2011.

[35] R. A. Horn and C. R. Johnson, Matrix Analysis. Cambridge, U.K.: Cam-
bridge Univ. Press, 1985.

[36] R. W. Brockett and W. S. Wong, “Systems with finite communication
bandwidth constraints II: Stabilization with limited information feedback,”
IEEE Trans. Autom. Control, vol. 44, no. 5, pp. 1049–1053, May 1999.

Kunihisa Okano received the B.Eng. degree in
systems science from Osaka University, Toyon-
aka, Japan, in 2006, the M.I.Sc.T. degree in in-
formation physics and computing from the Uni-
versity of Tokyo, Tokyo, Japan, in 2008, and the
D.Eng. degree in computational intelligence and
systems science from Tokyo Institute of Technol-
ogy, Yokohama, Japan, in 2013.

He was with Research and Development
Headquarters, NTT DATA Corp., Tokyo, Japan,
from 2008 to 2010 and a Visiting Scholar at the

University of California, Santa Barbara, CA, USA from 2013 to 2016.
From April 2016 to September 2016, he was an Assistant Professor
at Tokyo University of Science, Tokyo, Japan. He is currently an As-
sistant Professor in the Department of Intelligent Mechanical Systems,
Okayama University, Okayama, Japan. His research interests are in net-
worked control systems.

Masashi Wakaiki received the B.S. degree in
engineering and the M.S. and Ph.D. degrees in
informatics from Kyoto University, Kyoto, Japan,
in 2010, 2012, and 2014, respectively.

He served as a Research Fellow of the Japan
Society for the Promotion of Science from 2013
to 2015 and a Visiting Scholar at the Univer-
sity of California, Santa Barbara, CA, USA, from
2014 to 2016. He was an Assistant Professor in
the Department of Electrical and Electronic En-
gineering, Chiba University, Chiba, Japan, from

2016 to 2017. Since 2017, he has been a Lecturer in the Graduate School
of System Informatics, Kobe University, Kobe, Japan. His research inter-
ests include time-delay systems and hybrid systems.

Guosong Yang received the B.Eng. degree in
electronic engineering from Hong Kong Univer-
sity of Science and Technology, Kowloon, Hong
Kong, in 2011, and the M.S. and Ph.D. degrees
in electrical and computer engineering from Uni-
versity of Illinois at Urbana-Champaign, Urbana,
IL, USA, in 2013 and 2017, respectively.

He is currently a Postdoctoral Scholar in
the Department of Electrical and Computer En-
gineering, University of California, Santa Bar-
bara, CA, USA. His research interests include

switched and hybrid systems, control with limited information, and non-
linear control theory.

João P. Hespanha (F’08) received the Ph.D.
degree in electrical engineering and applied sci-
ence from Yale University, New Haven, CT, USA,
in 1998.

From 1999 to 2001, he was Assistant Profes-
sor at the University of Southern California, Los
Angeles, CA, USA. In 2002, he moved to the Uni-
versity of California, Santa Barbara, CA, USA,
where he currently holds a Professor position in
the Department of Electrical and Computer En-
gineering. He is the Chair of the Department of

Electrical and Computer Engineering and a member of the Executive
Committee for the Institute for Collaborative Biotechnologies (ICB). His
current research interests include hybrid and switched systems, multia-
gent control systems, distributed control over communication networks
(also known as networked control systems), the use of vision in feedback
control, stochastic modeling in biology, and network security.

Dr. Hespanha received the Yale University’s Henry Prentiss Becton
Graduate Prize for exceptional achievement in research in Engineer-
ing and Applied Science, the National Science Foundation CAREER
Award, the 2005 best paper award at the 2nd International Conference
on Intelligent Sensing and Information Processing, the 2005 Automatica
Theory/Methodology best paper prize, the 2006 George S. Axelby Out-
standing Paper Award, and the 2009 Ruberti Young Researcher Prize.
He is a Fellow of the IFAC and he was an IEEE Distinguished Lecturer
from 2007 to 2013.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 150
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


